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A pervasive fact in the mutual fund industry
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information

Puzzle: Strong evidence that managers do possess information e.g.:
Chevalier and Ellison (1999): SAT effect
Coval and Moskowitz (2001): Local Informational Advantage
Cohen, Frazzini, and Malloy (2008): Educational Networks
Christoffersen and Sarkissian (2009): Knowledge Spillovers
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δ ∼N (0,σ2δ )
(cannot learn)

1) Risky Claim P to

2) Bond (r = 0)

Crowd of managers
j ∈ [0,1] with CARA=γ
utility

No fund flows: managers maximize E [U[W j
T ]|F j

t ], j ∈ {l , i}
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0 t T <∞

Each manager l
starts with an
idea S l

1 = Π+εl1 Managers meet at Poisson random times.
Ideas percolate with intensity η.

{S l
j }

nt
j=1⇐⇒ S̄ l

nt ≡ Π + 1
nt

∑nt
j=1 ε

l
j
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Main Purpose: allow managers to longer preserve their informa-
tional advantage by clustering their information
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Price Informativeness
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Results

Another Useful Interpretation of Portfolios
A manager l ’s portfolio can be decomposed as:
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Results

Motivations: managers interact socially
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Results

Approximation Back

Introduce a fictitious asset X l with dynamics dX l =−ηdt +dN l
t

The standard exponential-quadratic value function conjecture ob-
tains

V l = exp
(
−γW l − 1

2(Ψl )>M l Ψl
)

Assuming away X l , managers cannot prevent Ψl from causing V l

to jump

∆V l
t = V l

t−
exp
(

−
1
2

((Ψl + ∆Ψl )>(M l + ∆M l )(Ψl + ∆Ψl ) − (Ψl )>M l Ψl )

)
Keep the affine-quadratic setting by a linearization of the jump

≈ 1− 1
2((Ψl + ∆Ψl )>(M l + ∆M l )(Ψl + ∆Ψl )− (Ψl )>M l Ψl )

Dualizing: absolute error on V l is less than 5% (Haugh, Kogan &
Wang (2006))
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Results

Performance (Market Timing)

R l
t = αl

t +βl
t∆Pt +γl

t(∆Pt)2 + εlt , ∆≤ t ≤ T −∆ Treynor-Mazuy
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Results

Equilibrium
Equilibrium Price Coefficients
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average market expectations

+ λ2,tΘt︸ ︷︷ ︸
compensation for risk
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