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A pervasive fact in the mutual fund industry
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Puzzling Evidence

-5 -4 -3 -1.65 -1 0 1 1.65 3 4 5 60

0.1

0.2

0.3

0.4

t-statistic

D
en

si
ty

Social Interactions & Performance J. Cujean LAEF 2016 2 / 14



Puzzling Evidence

-5 -4 -3 -1.65 -1 0 1 1.65 3 4 5 60

0.1

0.2

0.3

0.4

t-statistic

D
en

si
ty

This fact is usually taken to imply that managers do not possess
information

Social Interactions & Performance J. Cujean LAEF 2016 2 / 14



Puzzling Evidence

-5 -4 -3 -1.65 -1 0 1 1.65 3 4 5 60

0.1

0.2

0.3

0.4

t-statistic

D
en

si
ty

This fact is usually taken to imply that managers do not possess
information

Puzzle: Strong evidence that managers do possess information e.g.:
Chevalier and Ellison (1999): SAT effect
Coval and Moskowitz (2001): Local Informational Advantage
Cohen et al. (2008): Educational Networks
Christoffersen and Sarkissian (2009): Knowledge Spillovers
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1) Risky Claim P to

2) Bond (r = 0)

Crowd of managers
i ∈ [0,1] with CARA=γ
utility

No fund flows: managers maximize E [U[W i
T ]|F i

t ], i ∈ [0,1]
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Solution Method

Word-of-Mouth Learning

A manager i ’s expectations evolve as

dΠ̂i
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Ŷ i
t dN i

t ,

doi
t =−k2

t (oi
t−)2dt− 1

σ2S
oi

t−oi
t∆ni

tdN i
t

MEETINGS
WATCHING THE TAPE

Social Interactions & Performance J. Cujean LAEF 2016 8 / 14



Solution Method

Word-of-Mouth Learning

A manager i ’s expectations evolve as

dΠ̂i
t = oi

t−ktdB̂ i
t + oi

t
∆ni

t
σ2S
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Solution Method

Steps (He and Wang (1995))

1. Price Conjecture

2. Learning Process

3. Individual Optimization

4. Market Clearing
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Solution Method

Social Interactions Increase Trading Aggressiveness
A manager i builds an optimal portfolio θi :

∫
i∈I
θi

tdι(i) =
AQ,t−BQ,t

Precision︷ ︸︸ ︷(
ot(ni )

)−1
BΨ,t (ni )>Λt

γB2
Q,t

[
Π̂i − Π̂c

Θ̂i

] Precision︷ ︸︸ ︷(
ot(ni )

)−1
BΨ,t (ni )>Λt

γB2
Q,t

In equilibrium, the informational position satisfies

θ̂i
t=

Skill︷ ︸︸ ︷
ni −φt

γ(σ2
S + oc

t φt)
(Π− Π̂c

t )︸ ︷︷ ︸
Information

(Skill)

+
√
φt

γσS
εit︸ ︷︷ ︸

Noise
(Luck)

the average manager (ni ≡ φ) trades on noise only
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Solution Method

Steps (He and Wang (1995))

1. Price Conjecture

Compute Managers’ alpha

2. Learning Process

3. Individual Optimization

4. Market Clearing
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Solution Method

Informational Alpha Estimation

The econometrician observes managers’ returns (θi
tdPt)t≥0 and past prices

(Pt)t≥0 and thus managers’ informational position (θ̂i
t)t≥0:

Ft = σ
((

Θs , θ̂
i
s

)
: 0≤ s ≤ t, i ∈ [0,1]

)∨
σ(Π), 0≤ t < T .

The econometrician runs the performance regression:

θ̂i
tdPt = αi

tdt + Benchmark︸ ︷︷ ︸
uncond. risk premium=0

+σi
tdBΘ

t
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Solution Method

Informational Alpha is a Noisy Measure of Skill

The unconditional estimate, α̂i
t , of manager i ’s alpha is

α̂t(ni ) = (ni −φt︸ ︷︷ ︸
Skill

)σ
4
Skt(kt −γσΘ)oc

t
γ(σ2

S + oc
t φt)3 E[(∆2

t +γoc
t ∆tΘt)2]︸ ︷︷ ︸

Market-Timing Gains (MTG)

Its unconditional t−statistic, t̂ i
α,t , is given by

t̂α,t(ni )=

√
2
π
E
[

Sharpe Ratio(∆2
t +γoc

t ∆tΘt)
] sign(ni −φt)√√√√√√√√MTG +

 σS
σ2

S + oc
t φt

ni −φt√
ni︸ ︷︷ ︸

Skill-to-Luck Ratio


−2
.
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Results
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Results

Cross-Sectional Performance
What is the maximum level of statistical significance in a REE?

tmax ,t = lim
n→∞

tα,t(n) =
√

2
π

σ2
S |kt |

σ2
S + oc

t φt

√
E
[
(∆t +γoc

t Θt)2]<∞.
1 In a standard REE with a Brownian flow of information (He and Wang (1995) in

continuous time), the average rate of information arrival is φt = t and

t(1)
max ,0 =

√
2
π

fundamental noise
total noise and t(1)

max ,∞ = lim
T→∞

1
T

∫ T

0
t(1)
max ,sds = 0.

In this model with Network A only, the average rate of information arrival is
φt = exp(ηAt) and

t(2)
max ,0 = ηAt(1)

max ,0 and t(2)
max ,∞ = lim

T→∞

1
T

∫ T

0
t(2)
max ,sds = 2

√
ηA/π.
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Results

The Role of Luck
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Results

The Role of Luck
Consider the conditional t−statistic:

t i
α,t = P[sign

(
θi

t

)
SR> 0] = 1

2 + 1
π
tan−1

√MTG σS
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ni −φt√
ni
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